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HEL (EX Basic Study on Mosquito Species Identification from Images of Smashed Mosquitoes
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An authority of tropical diseases agrees to the importance and necessity of image-based mosquito species identification;
which will give great helps to educate and enlighten the people with scarce knowledge regarding the risks of mosquitos or
infectious diseases carried by mosquitoes. The purpose of this research is to propose a mosquito species identification
method from images of smashed mosquitoes. Concerning academic contribution to propose image identification method
with a smaller number of data or lacking in variety; for example, the data collection of smashed mosquitos is more difficult
than that of live mosquitos with perfect shape, it is difficult to say that generality has been ensured. Concerning engineering

contribution to establish a method to identify mosquito species with smashed mosquitoes, we were able to confirm that

the three species of mosquitoes can be identified even when they are smashed.
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Original
Original Smash
Normal
Species Training | Test | Training | Test
Aedes
300 200 300 200
albopictus
Anopheles
300 200 300 200
stephensi

Culex pipiens
300 200 300 200

pallens
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Fuchida and Akio Nakamura, '"Vision-Based
Classification of Mosquito Species: Comparison
of Conventional and Deep Learning Methods,"
MDPI Applied Sciences, vol.9, issue 18, pp.(1-
11), September 2019. 255 D .
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Classification of Mosquito Species: Data
Augmentation by Background Replacement for
Convolutional Neural Network-based Species
Classification of Smashed Mosquitoes," Quality
Control by Artificial Vision (QCAV2021), pp.(1-
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