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Learning algorithm using Hessian submatrices in flat regions of parameter space
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We planned to accomplish the following aims:

(1) Experimentally evaluate our proposed method using various datasets.

(2) Mathematically evaluate the use of Hessian submatrices.

We accomplished the above aims, wrote a paper summarizing the results, and submitted the paper to

Neural Networks, which is an international journal, in March 2020. The paper is now under review.
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